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Abstract 
Objective: This study aimed to evaluate the psychological distress, psycho-
pathology, and resilience of university students in Mumbai using a multidi-
mensional, digitalized psychometric assessment battery designed for early 
identification and triage of mental health concerns. Methods: A cross-sec-
tional study was conducted among 442 engineering students at K.J. Somaiya 
Institute of Technology. Participants completed six validated digital screening 
tools assessing stress, psychiatric symptoms, mental health risk, resilience, 
positivity, and functioning. A digital algorithm classified students into referral 
pathways: self-help, counseling, or psychiatric intervention. Statistical analysis 
included K-means clustering, chi-square tests, and Pearson correlation. Re-
sults: A high prevalence of psychological stress (76%) was observed, with 
14.3% experiencing severe stress. Severe psychiatric symptoms were present 
in 6.8% of participants, and 5.4% exhibited red-flag indicators requiring im-
mediate psychiatric attention. Notably, 31% showed low resilience, and 36.6% 
reported impaired functioning. Chi-square analysis showed significant asso-
ciations between stress and symptoms, resilience, and functioning (p < 0.001). 
Correlation analysis revealed strong inter-domain relationships, confirming 
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the value of comprehensive assessment. Conclusion: Multidimensional, digi-
tal psychometric screening provides a scalable, context-sensitive approach for 
identifying student mental health needs. Integrating such tools within aca-
demic institutions can enhance early intervention, promote mental well-be-
ing, and support tailored mental health services in university settings. 
 

Keywords 
Mental Health, Digital Application, Technology, Student, Screening,  
Assessment, Psychopathology 

 

1. Introduction 

Student mental health is increasingly recognized as a critical component of public 
health. In India, students face intense academic pressure, shifting socio-cultural 
dynamics, and limited access to mental health care. Conventional tools often over-
look subclinical distress and early signs of psychopathology, leading to under-
recognition and delayed intervention. 

This study argues for a reconceptualization of student mental health screening 
as a multidimensional, preventive, and scalable strategy. Rather than focusing 
solely on clinical diagnosis, a broader framework allows for the identification of 
at-risk students, early intervention, and personalized care planning. The deploy-
ment of digital platforms further expands access and continuity of care [1]. 

Here is a concise and publication-ready paragraph that introduces your project 
and positions the current paper within its larger framework: 

This paper presents findings from a larger university mental health initiative 
aimed at creating an integrated and sustainable model for promoting student well-
being. The project is built on four core pillars: (1) mental health education, aimed 
at increasing awareness and reducing stigma; (2) systematic screening and psy-
chometric assessment of students using culturally validated tools; (3) facilitated 
access to care and early intervention for those identified at risk; and (4) a struc-
tured training program for teachers and faculty, empowering them to identify, 
support, and refer students in distress. As part of this broader initiative, the pre-
sent study focuses on the clinical psychopathology of university students in Mum-
bai, assessed through a multidimensional digital screening system. Using a set of 
validated psychometric instruments, the study explores the prevalence, clustering, 
and correlates of stress, psychiatric symptoms, risk exposure, resilience, and func-
tional impairment, offering valuable insights for institutional mental health plan-
ning and triage systems. 

2. Review of Literature 
2.1. Reconceptualizing Student Mental Health: A Preventive,  

Holistic Approach 

Globally, data from the WHO World Mental Health Surveys indicate high preva-
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lence rates of common mental disorders among college students, particularly 
mood and anxiety disorders [2]. Similar trends are observed in India, with studies 
showing 30% - 60% of students reporting distress, low mood, anxiety, loneliness, 
and hopelessness [3] [4]. Yet only a small proportion of affected students receive 
mental health support. Structural barriers, stigma, and lack of mental health liter-
acy continue to hinder access, both globally and in India. 

Mental health challenges among Indian college and university students have 
emerged as a pressing public health concern. A substantial body of research points 
to high rates of stress, anxiety, depression, and suicidal ideation. Deb et al. re-
ported that nearly 40% - 50% of Indian students experience moderate to severe 
stress, driven by academic pressure, parental expectations, and fear of failure [5]. 
The National Mental Health Survey of India (2016) estimated that around 14% of 
adolescents and young adults are affected by common mental disorders, although 
this likely underrepresents the true burden due to unrecognized subclinical symp-
toms [6]. Studies in engineering and medical colleges report depression rates as 
high as 30%, anxiety around 35% - 40%, and suicidal thoughts in 15% - 20% of 
students [7] [8]. While mental disorders affect an estimated 10% - 15% of stu-
dents, broader surveys suggest that up to 60% may experience some form of emo-
tional or psychological difficulty during their education [9]. However, most exist-
ing assessments are narrowly focused on clinical diagnosis and do not adequately 
capture subthreshold symptoms, functional impairments, or positive mental 
health attributes like resilience and adaptability. There is a critical need for com-
prehensive screening tools that can evaluate both mental distress and emotional 
strengths. The WHO’s Comprehensive Mental Health Action Plan (2023) empha-
sizes this broader approach, advocating for early identification and mental health 
promotion in educational settings [10]. 

Subclinical symptoms—psychological distress that does not meet diagnostic 
thresholds—are increasingly recognized as significant predictors of poor aca-
demic performance, impaired social functioning, and future psychiatric illness. 
Eisenberg et al. and Reavley & Jorm found that interventions targeting these 
symptoms improve not only mental health outcomes but also resilience and aca-
demic engagement [11] [12]. Unfortunately, most screening tools fail to account 
for these experiences, particularly in the Indian context. While digital tools are 
gaining traction, few have been adequately validated for Indian student popula-
tions, and their real-time intervention capacity remains limited. 

Despite rising psychological distress, help-seeking among Indian students re-
mains remarkably low. Cultural stigma, poor awareness, fear of being judged, and 
skepticism about mental health services create formidable barriers to care [13] 
[14]. Eisenberg et al. found that even students who acknowledge their mental 
health issues are often reluctant to seek help due to concerns about stigma or being 
misunderstood [11]. In India, sociocultural factors and family attitudes can fur-
ther inhibit disclosure, leading to a disconnect between need and access to care. 
The lack of structured referral systems and inadequate mental health infrastruc-
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ture on campuses compound this gap. 
Delayed recognition and treatment of mental health concerns have serious im-

plications. Students facing chronic distress often experience academic decline, ab-
senteeism, social withdrawal, and dropout. Psychologically, untreated emotional 
problems can escalate into clinical disorders or suicidal behaviour. The National 
Crime Records Bureau reported over 13,000 student suicides in one year—high-
lighting the urgency of the mental health crisis [15]. Research also shows that un-
treated depression and anxiety are linked to longer illness duration and poorer 
recovery outcomes [16]. 

Recent national initiatives—such as the University Grants Commission’s (UGC) 
directive to establish mental health cells in colleges—reflect growing institutional 
recognition of the crisis. However, implementation is uneven, and many institu-
tions lack structured protocols for screening, referral, or follow-up. The urgency 
of the situation demands a shift in policy and research from diagnosis-driven 
models to preventive, inclusive strategies that can identify at-risk students before 
crises occur. Digitally scalable and culturally adapted psychometric tools may 
serve as the bridge between growing need and limited resources. 

2.2. Rationale for a Multidimensional Assessment Approach 

Mental health assessment among university students must move beyond single-
domain symptom checklists toward a more nuanced, multidimensional frame-
work that captures the full spectrum of psychological functioning. The complexity 
of student mental health, particularly in high-stress academic environments like 
India, cannot be adequately understood through tools that only assess depression 
or anxiety. Instead, effective screening must incorporate interrelated domains 
such as perceived stress, psychiatric symptoms, functional impairment, resilience, 
and environmental risk factors. 

First, mental health exists on a continuum, not a binary of “ill” versus “well”. 
As proposed in Keyes’ dual-continua model, it is possible for individuals to exhibit 
mental illness while functioning well, and conversely, to have no diagnosable dis-
order yet experience languishing or low well-being [17]. Most students fall some-
where in the middle of this continuum, often with subclinical symptoms—such as 
irritability, emotional detachment, or sleep disruption—that do not meet diagnos-
tic thresholds but still impair academic and social functioning [11] [12]. Tradi-
tional assessments like the PHQ-9 or GAD-7, while useful in primary care, are 
insufficient in capturing these subtle, non-clinical presentations [18]. 

Moreover, symptomatology alone does not determine care needs. For example, 
a student with mild anxiety but severe functional decline may require urgent in-
tervention, while another with moderate symptoms and high resilience may ben-
efit from peer-based or self-guided strategies. Thus, incorporating functional as-
sessment into screening allows institutions to detect declines in attention, moti-
vation, academic performance, and social interaction—outcomes that are highly 
relevant in educational settings [10] [19]. 
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Equally important is the inclusion of resilience and protective factors, which 
moderate the effects of stress and predict recovery trajectories. Herrman et al. em-
phasize that resilience—defined as the ability to adapt and bounce back from ad-
versity—is crucial in mitigating the impact of psychological distress [20]. Students 
with higher resilience demonstrate greater persistence, emotional regulation, and 
problem-solving, even in the face of comparable stress levels. Ignoring these 
strengths in assessment leads to overly pathologized or risk-heavy profiles that 
may not reflect actual need or coping capacity. 

Environmental and psychosocial risk factors, such as bullying, academic failure, 
or family conflict, further complicate the mental health landscape of students. 
These factors are well-documented antecedents to emotional disorders and func-
tional impairment, particularly in low-resource or high-pressure contexts [2] [21]. 
Screening tools that do not incorporate these variables risk misclassifying or over-
looking at-risk individuals who may present with early distress signals masked by 
high functioning or social desirability. 

In India, the case for multidimensional assessment is especially compelling. The 
high prevalence of distress, coupled with low help-seeking behavior, mental health 
stigma, and limited access to services, creates a critical need for scalable, non-stig-
matizing tools that can detect distress before it becomes disabling [7] [14]. Digi-
tally delivered, culturally sensitive screening platforms offer the possibility of real-
time data collection, algorithmic triage, and population-level mental health mon-
itoring [22]. 

This paper presents clinical psychopathology and argues that mental health in 
student populations should not be narrowly defined by the presence or absence of 
diagnosable psychiatric disorders. It further reiterates that a significant propor-
tion of students suffer from subthreshold symptoms and functional difficulties 
that may not meet clinical criteria but still impair academic performance, emo-
tional well-being, and interpersonal functioning. Emerging evidence suggests that 
these subclinical symptoms are often precursors to more severe mental illness and 
deserve equal attention in screening and early intervention efforts [21]. 

3. Methodology 
3.1. Design 

The study was a collaborative initiative between Mansik Shakti Foundation and 
the Department of Artificial Intelligence and Data Sciences, K.J. Somaiya Institute 
of Technology, Mumbai. The primary aim was to estimate the prevalence of men-
tal health issues among engineering students and map the spectrum of their men-
tal health needs. 

Ethical approval was obtained from the Institutional Ethics Committee, and 
administrative clearance was granted by the college administration. Participants 
were informed that their involvement was entirely voluntary, and data confiden-
tiality would be strictly maintained. No personally identifiable information was 
collected. 
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A digital research design was employed to ensure broad accessibility and struc-
tured data collection. Six standardized psychometric tools were digitized using 
Google Forms and later integrated into a custom-built digital platform, accessible 
via both web and mobile applications. These tools assessed key domains such as 
stress, psychological symptoms, emotional well-being, resilience, and functional 
impairment. These tests collectively called as Mental Health Assessment Scales 
for Students (MASS) were developed to provide a comprehensive, culturally sen-
sitive, and psychometrically sound framework for evaluating student mental 
health. 

To improve scalability, accessibility, and real-time applicability, the MASS sys-
tem was digitalised into a mobile and web-based screening platform. In this ver-
sion students can complete the assessments on smartphones, tablets, or computers 
in a supervised or unsupervised setting. The questions are presented in clear, ac-
cessible language, optimized for ease of use. The scales were tested and validated, 
and the findings are reported elsewhere. 

Each scale is scored instantly through an embedded algorithm, which classifies 
responses into risk levels (normal, mild, moderate, severe) using pre-validated 
cut-offs. Evidence-based criteria formed an algorithm which classified meatal 
health needs Based on cumulative scores across all domains, the platform auto-
matically generates a recommendation: Self-development (well-being promo-
tion), counseling referral or a psychiatric referral.  

Student responses are stored on encrypted servers with secure access protocols, 
ensuring privacy and compliance with ethical standards. The system allows batch 
screening of large student cohorts and generates summary reports for individuals. 
Participation was voluntary and anonymous. 

3.2. Sample Size Estimation 

A minimum sample size of 314 students was calculated using Cochran’s formula 
for a finite population of 1,700 students, with an expected prevalence of 50%, a 
95% confidence level, and a 5% margin of error. To ensure adequate power and 
account for possible dropouts or incomplete responses, a final target sample of 
320 students was adopted. 

3.3. Participants and Procedure 

Students participated in the screening process in supervised classroom settings, 
with faculty members from the research team present. Each student took approx-
imately 20 - 25 minutes to complete the digital assessment. Before participation, 
students were clearly briefed about Confidentiality, Voluntary participation, 
availability of support services Students were encouraged to discuss participation 
with family, and concerns from parents would be duly addressed. Students were 
told there were no right or wrong answers, and the focus was on honest self-re-
flection.  

The sample consisted of undergraduate and postgraduate students from a uni-
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versity in Punjab, India. A total of 520 students were invited, out of which 442 
consented and completed all measures, yielding a response rate of 82%. Common 
causes for attrition were: “not interested”, “I have no psychological problem”, 
“unable to understand”, and incomplete responses. 

Statistical analysis of the results was done using SPSS. We used K-means clus-
tering to identify subgroups based on MASS scores across the domains assessed. 
The number of clusters was decided a-priori (k = 4) and an iterative testing of 
multiple k values was carried out. Random initialising of cluster centres was done 
and the clusters converged between 2 to 8 iterations suggesting good convergence. 
Summaries of cluster characteristics are shown in Table 1. 

Furthermore, correlational analysis was done using Spearman’s rho due to the 
non-normal nature of the data. 

 
Table 1. Summaries of cluster characteristics. 

Assessment Tool 
Final Cluster Centers 

F 
1 2 3 4 

1. Stress 16.63 41.54 6.08 28.69 1540.299** 
2. Warning Symptoms 5.84 2.81 0.37 8.71 2154.254** 

3. Psychiatric Symptoms 5.32 41.88 22.81 64.96 1861.711** 
4. Risk Factors 2.75 1.00 0.00 5.38 1373.142** 

5. Resilience and Positivity 114.69 94.20 73.26 43.97 1773.891** 
6. Functioning 74.94 51.56 13.19 41.09 725.566** 

**= p < 0.01 

 
Information was provided following the screenings. Students with elevated 

mental health risks were be provided mental health services. Those who expressed 
a need for further guidance were offered brief sessions with psychologists on the 
research team. Students were encouraged to connect with counselors, teachers, or 
psychiatrists depending on their screening outcomes (Table 2). Providing appro-
priate intervention was integral part of the study. The sensitivity and specificity 
analysis of the algorithm-based referral system is underway and will be reported 
in subsequent studies. 

 
Table 2. Referral decision criteria used for developing the algorithm. 

Domain 
Self- 

Development 
Counsellor  

Referral 
Psychiatrist  

Referral 
Primary  
Criteria 

   

Stress Level Normal or Mild 
Moderate to  

Severe 
Severe with  

additional symptoms 
Warning  

Symptoms 
Absent Absent Severe 

Secondary  
criteria 

   

Risk Factors Absent Present 
Multiple or high-risk 

indicators 
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Continued  

Resilience 
Mildly reduced or 

normal 
Moderate to  

severely abnormal 
Severely abnormal 
with impairment 

Functioning Mild dysfunction 
Moderate to  

severe dysfunction 

Significant  
impairment in daily 

activities 

Challenges 
Few or  

manageable 
Present 

Multiple, persistent, 
or acute challenges 

4. Results 

These tests collectively called as Mental Health Assessment Scales for Students 
(MASS) were developed to provide a comprehensive, culturally sensitive, and psy-
chometrically sound framework for evaluating student mental health across mul-
tiple domains with six validated scales which show good internal reliability and 
construct validity established using EFA and CFA:  
• Scale for Severity of Stress with 13 items (Cronbach’s Alpha = 0.941, GFI = 

0.964, CFI = 0.986, RMR = 0.038, and RMSEA = 0.043);  
• Psychiatric Warning Symptoms with 10 items (Cronbach’s Alpha = 0.815, GFI 

= 0.971, CFI = 0.965, RMR = 0.006, and RMSEA = 0.048); 
• Mental Health (Psychiatric) Symptoms with 21 items (Cronbach’s Alpha = 

0.954, GFI = 0.930, CFI = 0.972, RMR = 0.051, and RMSEA = 0.049); 
• Risk Factors with 6 items (Cronbach’s Alpha = 0.667, GFI = 0.988, CFI = 0.972, 

RMR = 0.003, and RMSEA = 0.049); 
• Resilience and Positivity with 24 items (Cronbach’s Alpha = 0.973, GFI = 

0.887, CFI = 0.958, RMR = 0.043, and RMSEA = 0.065). 
Level of functioning and well-being with 22 items (Cronbach’s Alpha = 0.824, 

GFI = 0.908, CFI = 0.943, RMR = 0.071, and RMSEA = 0.056). 
The study revealed a high prevalence of psychological stress among university 

students, with 73.5% reporting some level of stress (Table 3). Notably, 14.3% of the 
students fell into the severe stress category. This elevated stress was significantly as-
sociated with increased psychiatric symptomatology, diminished resilience, and im-
paired daily functioning, indicating the wide-reaching effects of stress on student 
well-being. 

 
Table 3. Prevalence and severity indicators across domains among students (N = 442). 

Domain 
Severity 
N (%) 

Normal Mild Moderate Severe 
Stress 117 (26.5%) 112 (25.3%) 150 (33.9%) 63 (14.3%) 

Warning 
Symptoms 

210 (47.5%) 120 (27.1%) 88 (19.9%) 24 (5.4 %) 

Psychiatric 
Symptoms 

182 (41.2%) 119 (26.9%) 114 (25.8%) 27 (6.1%) 

Risk Factors 222 (50.2%) 82 (18.6%) 130 (29.4%) 8 (1.8%) 
Resilience 124 (28.1%) 154 (34.8%) 131 (29.5%) 33 (7.5%) 

Functioning 34 (7.7%) 155 (35.1%) 237 (53.6%) 16 (3.6%) 
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Regarding mental health symptom burden, 6.1% of participants exhibited se-
vere psychiatric symptoms that warranted clinical attention, while 5.4% presented 
with red-flag indicators such as hallucinations, delusions, or suicidal ideation. The 
most frequently reported symptoms included lack of interest (38%), suspicious-
ness (34.8%), depressed mood (20.6%), auditory hallucinations (9%), and addic-
tion-related behaviors (4.5%) (Table 4). 

 
Table 4. Psychiatric symptoms reported by students. 

Symptom Prevalence (%) 
Lack of interest 38.0 
Suspiciousness 34.8 

Depressed mood 20.6 
Auditory hallucinations 9.0 

Addiction symptoms 4.5 
Persistent worry 7.7 

Sense of impending doom 7.7 
Emotional detachment 10.2 

 
In terms of psychosocial risks, several vulnerability factors were prominent 

among the sample. Difficulty making new friends (25.8%), academic struggles 
(23%), childhood bullying (15.8%), and experiences of discrimination (15.2%) 
were commonly reported (Table 5). These risk factors demonstrated strong asso-
ciations with both psychiatric symptoms and impaired functioning, reinforcing 
their role in undermining student mental health. 

 
Table 5. Risk and vulnerability factors. 

Risk Factor Prevalence (%) 
Difficulty making new friends 25.8 

Ongoing stress 25.0 
Academic struggle 23.0 
Childhood bullying 15.8 

Experience of discrimination 15.2 

 
Resilience deficits were also widespread. Only 28.1% of students were classified 

as having high resilience, while 7.5% exhibited severely low resilience. This sub-
group was particularly vulnerable to stress and emotional dysregulation. A corre-
lational analysis (Table 6) confirmed a highly significant inverse relationship be-
tween stress and resilience (rs = −0.351; p < 0.001), highlighting the importance 
of protective psychological traits in buffering mental distress. 

 
Table 6. Correlations between domains of mental health in students. 

 Stress 
Warning  

Symptoms 
Psychiatric 
Symptoms 

Risk Factors Resilience Functioning 

Stress 1.000      
Warning Symptoms 0.559** 1.000     
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Continued  

Psychiatric  
Symptoms 

0.782** 0.550** 1.000    

Risk Factors 0.460** 0.590** 0.480** 1.000   
Resilience −0.351** −0.275** −0.388** −0.296** 1.000  

Functioning 0.133** 0.013 0.090 0.004 0.388** 1.000 

 
Functional capacity emerged as another key dimension. Merely 7.7% of stu-

dents reported high levels of daily functioning, while 56.6% demonstrated low to 
severely impaired functioning, which impacted academic engagement, sleep, so-
cial interactions, and motivation. High functioning was strongly significantly as-
sociated with resilience (rs = 0.388, p < 0.001). 

Using a digital triage algorithm, students were categorized into one of three 
referral groups: self-development (63%), counseling referral (31%), or psychiatric 
referral (6%). These outcomes aligned strongly with individual profiles based on 
the multidimensional screening, validating the appropriateness of stratified refer-
ral. 

 
Table 7. Referrals based on algorithmic triaging. 

Referral Category Percentage of Students (%) N 
Self-development 63 278 

Counseling Referral 31 137 
Psychiatric Referral 6 27 

 
Correlational analysis further demonstrated strong inter-domain relationships. 

Stress showed strong significant positive correlations with psychiatric symptoms 
(rs = 0.782, p < 0.001) and risk factors (rs = 0.460, p < 0.001), and significant 
negative correlations with resilience (r = −0.351, p < 0.001). Additionally, resili-
ence was significantly negatively correlation with all the measures, except func-
tioning (Table 7). 

This study demonstrates the feasibility and utility of multidimensional, digital 
screening in a high-stress academic environment. Based on severe stress, symp-
toms, low resilience, and poor functioning, the most at-risk students (approxi-
mately 6% - 10%) can be described to have following characteristics: 
• Frequently reporting hopelessness, anhedonia, and social withdrawal; 
• Experiencing hallucinations or delusions in rare but concerning cases; 
• Exhibiting early life trauma (bullying, discrimination) and ongoing stressors; 
• Demonstrating low psychological flexibility, avoidant coping, and academic 

disengagement; 
• Facing barriers to help-seeking, including stigma and poor awareness. 

5. Discussion 
5.1. Severity Stratification and Domain-Specific Patterns 

The findings from this study highlight that psychological distress among univer-
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sity students is both widespread and multifaceted. Using the MASS framework 
and K-means clustering, we identified that 73.5% of students reported some level 
of psychological stress, and 14.3% were in the severe stress category. These find-
ings are consistent with Indian studies that report stress rates ranging from 50% 
to 80% across higher education settings [23] [24]. Importantly, severe stress often 
occurred alongside psychiatric symptoms and functional difficulties, reinforcing 
the need to assess student mental health across multiple domains rather than 
through a symptom-only lens. 

A significant subset of students—6.1%—reported severe psychiatric symptoms, 
and 5.4% showed red-flag indicators such as hallucinations, delusions, or suicidal 
thoughts. These are concerning figures, especially since such students may not 
come to clinical attention through traditional academic or behavioral observa-
tions. Like findings from van Os et al., the presence of psychotic-like symptoms 
in stressed youth underscores the urgent need for systematic screening, especially 
in non-clinical academic environments [25]. 

5.2. Domain-Specific Patterns and Psychosocial Complexity 

Within the stress domain, emotional reactivity (37.4%) and social withdrawal 
(34.1%) were the most common presentations. These issues disrupt students’ abil-
ity to engage academically and socially and are early warning signs for more seri-
ous mental health conditions (25,26). Symptoms such as anhedonia (38%), suspi-
ciousness (34.8%), and depressed mood (20.6%) reflect a wide spectrum of emo-
tional distress. Though often subclinical, these symptoms can interfere with daily 
life and academic success. 

Psychosocial risk factors also featured prominently: a significant portion of stu-
dents had experienced bullying (15.8%) or discrimination (15.2%). These findings 
echo studies highlighting the long-term mental health consequences of adverse 
social experiences during adolescence and young adulthood [26]. The presence of 
such risk factors justifies the need for preventive, campus-wide interventions like 
psychoeducation, peer mentoring, and anti-discrimination initiatives. 

Equally noteworthy is the finding that only 28.1% of students demonstrated 
high resilience, while 37.1% were severe to moderately low in resilience. This im-
balance suggests that a large proportion of students lack the psychological re-
sources needed to cope with stress. As noted by Herrman et al., resilience is not 
solely an innate trait—it is nurtured through relationships, role models, and sys-
tem-level support [27]. The absence of such support mechanisms in university 
settings likely contributes to the emotional vulnerability observed in this study. 

Functioning was another critical area of concern. Just 7.7% of students reported 
high levels of functioning, while over one-third experienced moderate to severe 
impairments in academic performance, social interaction, or daily routines. These 
impairments often go unnoticed in the absence of a clinical diagnosis but have 
significant long-term consequences. Studies emphasize that functional impair-
ment is a key determinant of dropout risk and future disability, sometimes even 
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more so than symptom severity alone [28] [29]. These findings make a compelling 
case for multidimensional, early mental health screening in universities, especially 
in India’s high-pressure academic environments. Psychological stress in students 
rarely exists in isolation—it is embedded in a web of emotional, social, and func-
tional challenges. The MASS framework effectively captures this complexity and 
enables early identification and stratified support. Universities must adopt com-
prehensive, digital, and preventive approaches to identify struggling students and 
intervene before these challenges escalate into crises. 

5.3. Inter-Domain Correlation and Implications for Screening 

Stress and Psychiatric Symptoms (rs = 0.782, p < 0.001). A strong positive cor-
relation was observed between perceived stress and psychiatric symptoms, sug-
gesting that higher stress levels are closely linked to emotional and psychological 
distress. This supports the well-established stress-vulnerability model [30], indi-
cating that stress amplifies susceptibility to anxiety, depression, and somatic com-
plaints. Similar trends have been reported in Indian student populations under 
academic pressure [21] [31]. These findings emphasize the importance of screen-
ing for stress and symptoms together, even before clinical thresholds are crossed. 

Risk Factors and Psychiatric Symptoms (r = 0.480, p < 0.001). Environmen-
tal and historical risk exposures, such as bullying, academic struggles, and dis-
crimination, showed a strong association with current psychiatric symptoms. This 
aligns with trauma-informed models and studies that link early adversity to long-
term emotional difficulties [26] [32]. Including risk factors in assessment allows 
for a developmentally sensitive and context-aware approach to early identifica-
tion. 

Stress and Resilience (r = –0.351, p < 0.001). The inverse relationship between 
stress and resilience indicates that students experiencing high stress often report 
lower ability to cope. This supports the protective buffering model, where resili-
ence mitigates the negative effects of stress [27] [33]. These findings highlight the 
importance of resilience-building interventions, such as emotional regulation 
training and peer support, especially in high-pressure academic settings. 

Resilience and Functioning (r = 0.388, p < 0.001). Resilience was moderately 
and positively associated with better functioning, reinforcing that students who 
cope well are more likely to maintain academic engagement and social participa-
tion. These results support findings from positive psychology, where traits like 
optimism, purpose, and peer connection are linked to stronger outcomes in stu-
dent populations [34]. 

5.4. Referral Pathways and Service Triage 

The MASS tool’s triage algorithm successfully allocated 63% of students to self-
development, 31% to counseling, and 6% to psychiatric referral. This stratification 
shows clear alignment with the symptom severity and risk burden observed across 
the domains. The fact that nearly one-third required psychosocial support—de-
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spite being in an academic setting—underscores the invisible burden of subclini-
cal mental health issues, which often go unrecognized in Indian higher education. 

This digital stratification model is consistent with stepped-care and task-shar-
ing frameworks widely advocated in global student mental health initiatives [29]. 
The clear differentiation between those who benefit from psychoeducation and 
those needing professional intervention supports cost-effective, scalable care 
planning—a major advantage for resource-limited academic institutions. 

Together, these findings validate the MASS system’s capacity to detect multi-
layered psychological challenges, triage appropriately, and provide actionable in-
sights at the institutional level. The combination of symptom screening, stress 
measurement, risk profiling, resilience assessment, and functioning evaluation 
represents a comprehensive model aligned with international best practices in 
early mental health intervention [33] [34]. 

It is important to recognize that while the term “stress” is widely used, it is often 
poorly understood or inadequately contextualized in mental health discourse. 
When stress is mild or moderate, its psychological impact may be limited or man-
ageable. However, severe stress frequently co-occurs with a range of psychiatric 
symptoms—including mood disturbances, cognitive distortions, and social with-
drawal—which significantly increase a student’s psychological vulnerability and 
may serve as early indicators or precursors of psychiatric disorders. 

This finding holds important implications for university mental health pro-
grams. Institutions must acknowledge that a much larger proportion of students 
need attention and support than just those meeting clinical criteria for mental ill-
ness. Many students experiencing high stress may not qualify for a diagnosis, yet 
still suffer considerable emotional and functional impairment. 

Crucially, this aspect cannot be identified through unidimensional psychomet-
ric screening tools that assess only one domain (e.g., depression or anxiety). The 
core message of this study is the necessity of adopting a multidimensional assess-
ment approach, such as the MASS framework, which can capture the interplay of 
stress, symptoms, resilience, risk factors, and functioning. Only such an approach 
enables early identification, nuanced triage, and timely intervention—well before 
symptoms escalate into full-blown psychiatric disorders. 

6. Conclusions 

The holistic approach used in this study—integrating stress, symptoms, risk, re-
silience, and functioning—offers a full-spectrum view of student mental health. 
The results not only validate the internal coherence of the MASS psychometric 
model but also demonstrate its practical application in identifying varying degrees 
of psychological risk. Moreover, the system’s capacity to triage referrals in real-
time makes it a valuable tool for resource optimization in university settings with 
limited mental health infrastructure. 

In summary, this data underscores the importance of comprehensive, multidi-
mensional, and culturally responsive screening in higher education environments. 
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A single-domain approach risks overlooking critical aspects of vulnerability and 
well-being. The MASS system, by contrast, captures the nuances of student mental 
health with both clinical precision and contextual relevance. 
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